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Identification of the Locations of Landslides after an Earthquake based on Satellite Images using Mask R-CNN
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Landslides with human casualties often occur in Japan. In areas where such major landslides have oc-
curred, the Geospatial Information Authority of Japan (GSI) produces slope failure and sedimentation
distribution maps. However, in preparing these maps, the interpretation of slope failure points is carried
out manually by specialists who look at satellite images of the affected area, which causes problems
such as a lack of human resources, the burden on workers and the difficulty in quickly identifying the
extent of landslide damage. The aim of this study is to develop a method for automatic detection of
landslide failure points using satellite images based on deep learning. As a result, we were able to con-
struct a model which can detect landslides with an IoU of 0.641.
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