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DETECTION OF ROAD CRACKS BASED ON DEEP LEARNING OF IMAGES CAPTURED FROM A VEHICLE

19WM1301 £/ Eh
Naoya Furuichi

SYNOPSIS
Currently, visual discrimination and handwritten records are used to evaluate road cracks. In order to reduce the cost

of road maintenance and the burden of inspectors, it is required to develop an easy method for evaluation of road surface

condition. In this study, we developed an image classification model to detect road cracks based on deep learning of

images captured by a vehicle-mounted camera. We used Caffe, a proven framework in the field of image recognition,
as the framework for deep learning, and CNN (Convolutional Neural Network) as the network structure. We tested the
accuracy of the image classification model using test set which were not used for training and validation of the model,

and achieved an accuracy of over 70%. Furthermore, a pseudo-road-crack rate was calculated, and visualized to evaluate

road surface condition by displaying it on a map using GIS.
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